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ions in clinical and behavioral science involye Catepp.:
Many researsC:rZ gesgznsour;\il\al or ordinal scale. These questipns “suaﬁ;r:j?alva."ablm
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2225‘ Scode presponses that represent frequencies, such as the Number of' . ;%
responses to a series of items or the number of respondents who fa] into ceryy o
groups. We can then ask questions about the proportion of respondents thy, fl l:gtz
each category. In descriptive studies we are .often Interested in !’\ow Certain
variables are distributed. For example, we might want to dgtermme the Proportioy
patients with right-sided or left-sided strokes who are functionally dependent o inde

pendent at discharge or the proportion of therapists who work in private Practice yer

sus institutional settings. L
These types of categorical data are analyzed by determmlng if there is a difference

between the proportions observed within a set of categories and the proportions thy
would be expected by chance. For example, if therapists are equally likely to work in pri-
vate or institutional settings, then theoretically we would expect an equal proportion,
or 50%, to fall into each category. The null hypothesis states that no difference exists
between the actua] proportions measured in a sample and this theoretical distribution
If the observed data depart significantly from these expected null values, we reject the
null hypothesis,
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